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Abstract— Doctors have now been able to diagnose and treat cancerous tumors,
glands, various fractures or even various diseases related to the human nervous sys-
tem and vision, using information obtained from the processing of these images. The
processing of these images has always faced various challenges. One of these areas is
recognizing existing edges and segmenting different environments in images. In this
paper, we present the first algorithmic approach to accurately detect the edges of
medical images using scissor conversion coefficients, and then use these coefficients
to train a deep torsional neural network. Finally, we will show that the presentation
method has a much better performance than many of the methods used to classify
and identify the edge.

Keywords—edge detection, wavefront set, directional multiscale system, Shearlet transform,
convolutional neural network, deep learning, biomedical image
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